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7.1 What is a good neuron model? 
       - Models and data 
7.2  AdEx model  

      - Firing patterns and analysis 
7.3  Spike Response Model (SRM) 
         - Integral formulation 
7.4  Generalized Linear Model 
        -  Adding noise to the SRM  
7.5 Parameter Estimation 
         - Quadratic and convex optimization 
7.6. Modeling in vitro data 
         -  how long lasts the effect of a spike? 
7.7. Helping Humans 
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Spike Response Model (SRM) 
Generalized Linear Model GLM 
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Neuronal Dynamics – review from week 6: Escape noise 
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Neuronal Dynamics – review from week 6: Escape noise 
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Neuronal Dynamics – 7.4 Likelihood of a spike train in GLMs 
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Neuronal Dynamics – 7.4 Likelihood of a spike train 



+

Neuronal Dynamics – 7.4 SRM with escape noise =  GLM 

- linear filters 
- escape rate 
àlikelihood of observed 
       spike train 
à parameter optimization 
      of neuron model 


